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Collaborative Filtering – in a glimpse

 Input: a rating matrix
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Collaborative Filtering – in a glimpse

 The users
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Collaborative Filtering – in a glimpse

 The items
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Collaborative Filtering – in a glimpse

 A rating: from a user towards an item
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Collaborative Filtering – in a glimpse

 User profile
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Collaborative Filtering – in a glimpse

 Item profile
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Collaborative Filtering – in a glimpse

 Unknown rating
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Collaborative Filtering – in a glimpse

 Goal

If user Boris watched 

Love Actually, how 

would he rate it?
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Collaborative Filtering – in a glimpse

 Prediction: how Boris rated similar items
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Collaborative Filtering?
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In this work

 A first attempt

• Item ranking

• Item-based CF

 Good results

 Improvements – current work

• More models

• Rating prediction

 Now… algorithmic details
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Text Retrieval

 In (Metzler & Zaragoza, 2009)

• In particular: factored form
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Text Retrieval

 Examples

• TF:

• TF-IDF:

• BM25:
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Collaborative Filtering

 Standard item-based formulation (Adomavicius & Tuzhilin 2005)
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Collaborative Filtering

 Standard item-based formulation (Adomavicius & Tuzhilin 2005)
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Collaborative Filtering

 Standard item-based formulation

• More general
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Text Retrieval for Collaborative Filtering

 In item-based Collaborative Filtering

 Apply different models

• With different normalizations and norms: sqd, L1 and L2
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Text Retrieval for Collaborative Filtering

 TF L1 s01 equivalent to item-based CF
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Results

 Movielens 1M

• Movielens100k: equivalent results

 TF L1 s01 equivalent to item-based CF (baseline)
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Conclusions

 It is possible to use Text Retrieval methods in rating-based 

Collaborative Filtering

 Our methods outperform classic Collaborative Filtering 

methods

 …Questions?
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